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Building effective agents
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Over the past year, we've worked with dozens of teams building large
language model (LLM) agents across industries. Consistently, the
most successful implementations weren't using complex frameworks
or specialized libraries. Instead, they were building with simple,
composable patterns.

In this post, we share what we've learned from working with our
customers and building agents ourselves, and give practical advice
for developers on building effective agents.

What are agents?

"Agent" can be defined in several ways. Some customers define
agents as fully autonomous systems that operate independently over
extended periods, using various tools to accomplish complex tasks.
Others use the term to describe more prescriptive implementations
that follow predefined workflows. At Anthropic, we categorize all
these variations as agentic systems, but draw an important
architectural distinction between workflows and agents:

« Workflows are systems where LLMs and tools are orchestrated
through predefined code paths.

- Agents, on the other hand, are systems where LLMs dynamically
direct their own processes and tool usage, maintaining control
over how they accomplish tasks.

Below, we will explore both types of agentic systems in detail. In
Appendix 1 (“Agents in Practice”), we describe two domains where
customers have found particular value in using these kinds of
systems.
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« Every nodes have some customers
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* All customers within distance of d of a selected location go to closest one

+ (e coffee shop)
+ Ifequal, they split evenly.
= Utilities: #customers

/4

Technical Blogs

Slides




